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There are a number of reasons for these differences: 

• ZenCity respondents are not representative of the general London population, unlike PAS. 
This is because the ZenCity survey is a voluntary response sample and is done by only 
those who see it online and chose to complete it. 

• Voluntary response sampling can mean unbalanced samples are collected when compared 
to the Census.  

• ZenCity heavily weight some of the responses they receive in an attempt to mimic 
representativeness, the most heavily weighted respondent was 88 times higher than the 
lowest (i.e. 1 person’s responses were given the weight of 88 other respondents). 

 

The implications of these findings are: 

• PAS and ZenCity are ultimately collecting the views of different groups of Londoners. 
This is likely due to differences in methodology. 

• As not all Londoners have an equal opportunity to contribute to ZenCity and the results are 
not consistent with PAS, ZenCity is not an appropriate way of collecting and tracking 
general views of Londoners over time. 

• Vastly different, and fluctuating, borough rankings of ZenCity suggest it is not an 
appropriate performance tool to measure change in trust and confidence over time. 

• ZenCity is able to collect a large number of voluntary responses from Londoners who are 
online so MPS use cases that seek volume engagement (rather than 
representativeness) may benefit from having a ZenCity offering. 
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Overview 
This report is structured as follows: 

• ZenCity’s methodological approaches with comparisons to PAS, focused on:  
a) Sampling methodologies 
b) Response rates 

 
• Comparing PAS and ZenCity data and findings including: 

a) A comparison of unweighted data to understand sample characteristics  
b) Assessing the use of the ‘rake weighting’ approach by ZenCity 
c) Testing ZenCity’s ability to target small geographical locations 
d) A comparison of trust/confidence measures between ZenCity and PAS 
e) A comparison of borough-level data for PAS and ZenCity  

 

Comparing sampling approaches and response 
rates 
Sampling methodologies 
One key area of difference between ZenCity and the PAS is their sampling design:  who they recruit 
has important implications regarding their representativeness, and as a result, the quality of the data 
they produce. Below, the main features of each are outlined in turn: 

 
PAS:  

• MOPAC’s Public Attitudes Survey (PAS) is the key survey for measuring public opinion of 
the police in London. It is a large scale, representative household survey of 19,200 London 
residents per year which captures a wide range of perception data, including key trust and 
confidence measures.  

• The PAS uses a traditional probability-based sample design whereby participants are 
selected using a random sample of households from the UK Postcode Address File, a near 
complete list of all UK residential addresses in the UK. Individuals in sampled households 
are contacted via post and are visited and invited to participate in an in-person survey. This 
ensures representativeness of its findings. This means the sampling frame, the target 
audience, are London residents and their views can be considered that of the wider 
population. 

• In-person interviews are conducted with participants, with interviews taking place throughout 
the year and distributed evenly across all London boroughs. The survey is administered by 
a field interviewer who knocks at the participant’s door at different times of the day to help 
reach people.   

• The longevity, quality of data collected, and quality controls put in place for fieldwork and 
data analysis mean that the PAS and other similar surveys (e.g. the ONS Crime in England 
and Wales survey) are widely considered the ‘gold standard’ in terms of their methodological 
approach. They have been shown to be more accurate in terms of sampling approach, 
compared with alternatives such as opt-in sample designs.1 

                                                 
1 David Dutwin and Trend. D. Buskirk ‘Apples to Oranges or Gala versus Golden Delicious? Comparing Data 
Quality of Nonprobability Internet Samples to Low Response Rate Probability Samples, (April 2017), vol.81, 
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• PAS data are closer to representative at the point of collection; small adjustments (using 
weightings) are made when data are split – e.g. to borough or BCU level – to ensure that the 
data remain representative, i.e. aligned to Census demographic characteristics.  

• One drawback of the rigour of the design is that it can take a long time to receive results. 
From the beginning of the fieldwork period to the end of data collection and results can take 
up to four months. This delay makes operationalising findings more difficult and provides 
some of the impetus for exploring the ZenCity offering. 

 

ZenCity: 

• ZenCity uses an opt-in voluntary response design. Participants are not selected randomly 
from the population, instead they are recruited from a variety of online sources such ads on 
social media (Facebook and Instagram), within mobile apps and through advertising on 
traditional websites. Most often there is no incentive to take part and the vast majority (98%) 
of those who see a ZenCity advert do not click on it. Sometimes non-financial rewards are 
offered in exchange for survey participation, especially on mobile apps (this may include 
getting an extra life or turn in a game, as an example). This means that the sampling frame 
is self-selected online Londoners who decide to answer the ZenCity online surveys.  

• In an attempt to mimic representativeness (i.e. alignment to Census demographic 
characteristics), ZenCity use a post-hoc ‘rake weightings’ approach which involves making 
adjustments to the data (e.g. weighting under-represented respondents more heavily) so that 
the final data can be described as representative. We discuss this further in Section 3. Given 
the sampling design, the mismatched sampling frame, and the scale of adjustment used (e.g. 
weighting some respondents so that they are ‘worth’ 80 times more than others) means this 
approach could produce misleading (and unrepresentative) results.  

• The ZenCity approach does collect a comparatively large number of responses from 
Londoners, five times more per year than PAS. 
 
 

Response rates  
Response rates refer to the proportion of people who were contacted to complete the survey. 
Response rates for PAS are around 40%. The majority of non-response is a result of non-contact at 
the selected addresses (51-52%). The remaining 8-9% of the non-response are because of refusals 
to take part. ZenCity, by comparison, have a substantially larger distribution and much lower 
response rate, many more people are contacted. Ads are displayed across a large number of online 
platforms, and only around 1-2% of these displayed ads are clicked on by the eventual participants. 
Having clicked on the ad, a participant is directed to the survey and at this point may or may not 
complete it.  

 

The non-response rate is far higher for ZenCity than for PAS, we also do not have any information 
about the demographic characteristics of (or any other information about) non-respondents. This is 
a particular limitation for the ZenCity offering, given the very high non-response rates (~98%). If a 
particular ‘type’ of individual is more likely to click-through, this has important implications for the 
meaningfulness and representativeness of their responses and the resulting data.  

 

                                                 
Issue S1, pp.213-239; Andrew Mercer and Arnold Lau, ‘Comparing Two Types of Online Survey Samples’ 
(September 2023), Pew Research Centre.  



 
 
 
 

OFFICIAL-SENSITIVE 6 
 

Conclusions 
ZenCity and PAS use very different approaches to hearing the views of Londoners which impacts 
on their representativeness. There are benefits to ZenCity’s approach such as the number of 
respondents they engage, and the speed of obtaining data and supplying the MPS with data. 
However, this comes with noteworthy drawbacks including the high rate of non-response from the 
available (online) population (~98%), the lack of random sampling and the large scale of weighting 
adjustments which could produce unrepresentative and results, biased towards certain 
demographics of participants. Even when hearing from 44,145 Londoners between October 2022 
and March 2023 ZenCity (compared to 9,488 in PAS) this volume does not overcome the challenge 
of representativeness and response rates. When a sample is representative we can use their views 
as an appropriate estimate of the general views of Londoners, even those that did not complete the 
survey. This is not the case with ZenCity’s approach where all we can say is that the answers we 
have are those of the particular group of respondents who replied at that particular time. 

 

Comparing PAS and ZenCity data and findings 
When ZenCity was first launched the survey questions were taken from PAS allowing direct 
comparison. From this data we used four approaches to compare PAS and ZenCity:  

a. A comparison of unweighted and ‘rake weighted’ data to understand sample 
characteristics.  

b. Testing ZenCity’s ability to target small geographical locations.  
c. A comparison of trust/confidence measures.  
d. A comparison of borough-level data. 

 

A comparison of unweighted and ‘rake weighted’ data to 
understand sample characteristics 
Unweighting data  
Tables 2, 3 and 4 summarise the demographic makeup of both survey samples. Figures given for 
ZenCity are only for participants who chose to answer demographic questions as these can be 
skipped over by participants. 

 

Age 
Both PAS and ZenCity target adults. PAS respondents much more closely match the Census age 
distribution although do have a higher proportion of older respondents, 20% of the sample, compared 
to 13% in the population. ZenCity’s in comparison is younger than PAS, 23% are aged between 18 
to 24 compared to 11% of adult Londoners, this is likely because a higher proportion of this age 
group use social media and would therefore be exposed to ZenCity’s online approach. Conversely 
fewer respondents within the ZenCity sample are made up of older age groups 37% over the age of 
45, compared to 45% in the population, and 11% above 65 compared to 15% in the population (Table 
2).  Overall the demographic spread of respondents is more uneven in ZenCity, as would be 
expected, given participants are not targeted based on Census data.  
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Ethnicity 
With the London population 57% white, both PAS and ZenCity get more responses from white 
residents than their share of the London population at 62% and 63% respectively (Table 4). PAS 
then has 1% or 2% underrepresentation for each of the other groups. ZenCity is more uneven 
Asian/Asian British Londoners are 5% underrepresented, this would require over 30% more 
responses from this group to get to 20%, and ZenCity is also slightly over represented for 
Mixed/multiple ethnicities. 

 

This exploration of the demographics shows the areas that ZenCity and PAS differ versus the 
London Census population which both seek to represent, as a general rule ZenCity is less accurate 
than PAS. To calibrate uneven samples both PAS and ZenCity use weightings. 

 
Weighting data  
Both surveys are weighted in an attempt to achieve representative samples and overcome uneven 
response levels across demographics. PAS make corrections to their data to ensure it retains 
representativeness when split by BCU and borough. They use design weights to account for: 
unequal selection probabilities and differential response rates and time of survey interviews as well 
as calibration weights which compensate for response bias identified for gender, age, ethnicity 
economic activity and household tenure.  

 

ZenCity also weight their data according to London Census demographics, using a ‘rake weighting’ 
approach, where each complete respondent is given a weighting in line with demographic data from 
the Census. What this means in practice for both surveys is that if there are fewer responses from 
one group than their share of the population (as defined by the Census), responses are given a 
larger weight. The opposite is true for responses from over represented cohorts. Methodological 
experts caveat that weighting for non-probability samples (i.e. ZenCity’s approach) is not likely to be 
as effective as for probability samples.5  

 

We explored the ZenCity weighting approach by looking at the frequency of weighting for the month 
of February (a latter month of the trial when ZenCity had bedded in and the month which received 
the most responses). This was broken down by two demographics: age (Figure 1) and ethnicity 
(Figure 2). The charts show the large range in weighting across age and ethnic groups. We find, in 
one extreme case, that a single response from one under-represented group had the same 
contribution as 88 individuals who have all been assigned a recalibrated weighting of 1. PAS also 
weights its responses but to a lesser extent given the closer similarity to the overall population 
(designed in based on sampling).  

 

It is worth outlining that weighting approaches are not perfect, since even ‘gold standard’ survey 
approaches suffer from non-response bias, which is a not insignificant 40% for PAS. These non-
respondents may not be well represented by those who do answer the survey. However beyond this 
general observation, there is a concern that the level of weighting used by ZenCity could have a 

                                                 
5 Matthew Salganik, ‘Bit By Bit - Asking questions’, 3.4.2 – ‘Non-probability samples: weighting’; Simon Lenau et al. 
September 2021, ‘Methods for Sampling and Inference with Non-probability Samples’. 





 
 
 
 

OFFICIAL-SENSITIVE 11 
 

Testing ZenCity’s ability to target specific geographical 
locations  
For PAS, postcodes are leveraged to identify the sample, this provides uniform coverage across 
London and can be used to build a representative dataset. Unfortunately this approach results in 
very few responses from any specific location. At a ward level, numbers of responses can be in 
single figures across one quarter. One potential benefit of ZenCity is that it could target a large 
number of ads at a localised area to allow the MPS to obtain sentiment data at ward-level.  

 

The MPS recently delivered a pilot of a new initiative called Precision Stop and Search which 
targeted patrol at ward areas in London with higher levels of weapon-enabled crime (WEC) harm. 
The SIU leveraged this opportunity to test if a ZenCity survey could be used to measure the impact 
of the intervention at a community level. The survey included PAS questions on attitudes to Stop 
and Search, and attempted to target participants in 15 wards comprising of three ward clusters 
containing three wards in each, and 6 individual wards. 

 

The SIU examined ZenCity’s ability to collect responses in the 3 clusters with total populations 
between 29,500 and 37,250 and individual wards with populations between 5,500 and 22,000 over 
one month. Most respondents who answered the survey were ultimately not part of the targeted 
wards or ward clusters based on postcodes provided in the response (Figure 3). 

 

 

All Target Clusters (3 clusters of 3 wards)  All Target Wards (6 individual wards) 

Figure 3: Responses received within and outside of targeted wards and ward clusters (n=656) 

 

Ward cluster targeting appears to be modestly better than targeting individual wards. To explore this 
further the response rates compared to the resident population of the target areas were calculated 
(Table 5). This is the number of valid responses received divided by the population from each ward 
or cluster of wards. The response rates for both is very low but wards clusters are higher with an 
average rate of 0.13% compared to single wards with an average of 0.04%. 

 

 

















 
 
 
 

OFFICIAL-SENSITIVE 19 
 

References  
Andy Myhill and Kristie Beak ‘Public Confidence in the Police’, Research, analysis and Information, 
(2008).  
 

Andrew Mercer and Arnold Lau, ‘Comparing Two Types of Online Survey Samples’ (September 
2023), Pew Research Centre. 

 

David Dutwin and Trend. D. Buskirk ‘Apples to Oranges or Gala versus Golden Delicious? 
Comparing Data Quality of Nonprobability Internet Samples to Low Response Rate Probability 
Samples, (April 2017), vol.81, Issue S1, pp.213-239;  

 

Pew Research Centre, (May 2nd 2016), ‘Evaluating Online Nonprobability Surveys’. Available at: 
https://www.pewresearch.org/methods/2016/05/02/evaluating-online-nonprobability-
surveys/? sm au =isVR8QDMWfnTFZsN 
 
Matthew Salganik, ‘Bit By Bit - Asking questions’, 3.4.2 – ‘Non-probability samples: weighting’; 
 

Rodger Tourangeau, Frederick G. Conrad, Mick, P. Couper ‘The Science of Web Surveys’ (2013) 
Oxford University Press. 

 

Census Data 2021 used in Table 1: https://www.ons.gov.uk/datasets/create/filter-outputs/e2dee8ec-
33b8-4252-9be4-a7fa4f3b5fa1#get-data 

 

Census Data 2021 used in Tables 2, 3 & 4: 
https://www.ons.gov.uk/peoplepopulationandcommunity/culturalidentity/ethnicity/datasets/ethnicgro
upbyageandsexinenglandandwales 
 




